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Abstract— Social media has significantly influenced how individuals share information, impacting their 

behavior and well-being. This study examines the impact of determinants of information sharing on social 

media platforms—Attitude, Intention to Share, Frequency of Sharing, Privacy Risk, and Perceived Control 

on the well-being of individuals. Data was collected from 116 respondents in the Punjab region using 

convenience sampling via Google Forms. The study employed Cronbach’s Alpha to assess reliability, while 

correlation and regression analyses were conducted using SPSS to examine relationships between variables. 

Results indicate that Perceived Control over shared information is the strongest predictor of well-being, 

whereas other factors influence sharing behavior but do not directly enhance well-being. The findings 

highlight the importance of user autonomy and privacy controls in promoting a positive digital experience.  
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I. INTRODUCTION 

With the rise of social media networking, human 

interaction has expanded beyond physical meetings to 

digital spaces, where individuals connect based on 

shared interests and hobbies (Field et al., 2012). Social 

media platforms serve as a rich source of behavioral 

data, capturing an individual's thoughts, emotions, 

communication patterns, activities, and social 

interactions with high temporal granularity. The 

language and emotional tone of social media posts can 

reveal negative mental states, such as self-doubt, guilt, 

helplessness, and low self-worth (Rude et al., 2003). 

Social media has also transformed the way people 

search for and share information, influencing daily 

decision-making and engagement in community-

based discussions (Scanfeld et al., 2010). This shift is 

particularly evident in the healthcare sector, where 

individuals increasingly rely on social media to share 

health-related experiences and seek guidance (Wicks 

et al., 2010). Despite its potential benefits, research has 

also highlighted the negative effects of social media 

use on well-being, particularly when associated with 

harmful behaviors, privacy concerns, and emotional 

distress (Dhir et al., 2021). 

Previous research has not fully established the 

antecedents of social media well-being (Mertz et al., 

2023). However, studies suggest that attitude, 

intention to share information, frequency of sharing, 

privacy risk, and perceived control are key factors 

influencing information-sharing behavior and its 

impact on well-being (Dhir et al., 2021; Schuur et al., 

2018). 

With the increasing integration of social media into 

daily life, concerns have emerged regarding its impact 
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on well-being. Social media fatigue, driven by 

excessive use, online social comparison, and self-

disclosure, has been found to negatively affect 

academic performance and mental health (Malik et al., 

2020). Additionally, technostress resulting from 

overwhelming social media engagement depletes self-

control, leading to reduced academic achievement and 

psychological distress (Whelan et al., 2022). These 

findings highlight the need for digital well-being 

strategies and self-regulation measures to mitigate the 

adverse effects of social media usage. 

 

II. LITERATURE REVIEW 

Social media has increasingly become a platform for 

information sharing, including topics related to health 

and well-being. Several studies have explored how 

individuals use social media for informational and 

wellness purposes, highlighting both the positive and 

negative impacts. 

Field et al. (2012) highlighted how social media has 

transformed marketing, shifting consumer behavior 

toward platforms like Facebook, Twitter, and 

YouTube. Businesses now leverage these networks for 

targeted marketing, similar to past shifts seen with 

radio, TV, and newspapers. This evolution 

emphasizes interactive and user-generated content. 

Brooks (2015) found that personal social media use 

negatively impacts productivity and well-being, 

leading to reduced enjoyment, increased technostress, 

and lower work performance. Excessive engagement 

with digital platforms may harm mental health and 

professional efficiency. 

McGregor (2016) introduced a pluralistic perspective 

on well-being, arguing that no single approach can 

fully capture the complexity of well-being analysis. 

The study suggests that a multifaceted approach, 

integrating social, psychological, and economic 

factors, is essential to understanding how well-being 

is shaped in digital environments. 

Schuur et al. (2018) studied social media stress and 

sleep issues in adolescents, finding that stress, more 

than usage, causes delayed sleep and daytime 

tiredness, especially in girls. They suggest focusing on 

stress management and responsible use to reduce 

negative effects. 

Dhir et al., (2021) examined the negative effects of 

excessive social media use, including compulsive 

behavior, stalking, and poor sleep, which harm well-

being. They found that social media stalking and self-

disclosure contribute to sleep disturbances and mental 

exhaustion, emphasizing the need for more research 

on its psychological impact.  

Mertz et al., (2023) introduced social media wellness, 

highlighting its impact on mental health, stress, and 

self-esteem. They noted growing awareness of 

mindful social media use, with businesses promoting 

digital detox campaigns. The study calls for further 

research on balancing engagement and well-being.  

Collectively, these studies demonstrate the growing 

significance of social media in shaping information-

sharing behaviors and well-being outcomes. While 

social media provides opportunities for engagement, 

information access, and marketing innovation, it also 

presents challenges such as technostress, reduced 

productivity, and potential negative psychological 

effects. Understanding the determinants of 

information sharing and their impact on well-being is 

crucial for both academic research and practical 

applications, particularly in an era where digital 

interactions continue to expand across all aspects of 

life. 

OBJECTIVE: 

The objective of the study is to fill the gap mentioned 

by Chu et al., 2023 by ascertaining the influence of 

information-sharing determinants on individual well-

being, namely attitude, intention to share, frequency 

of sharing, privacy risk, and perceived control over 

information. 
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The study formulates the following hypotheses to 

achieve its objectives: 

H1: There is positive and significant impact of attitude 

on well-being of individuals. 

H2: There is positive and significant impact of 

intention to share information on well-being of 

individuals.  

H3: There is positive and significant impact of 

frequency of information sharing on well-being of 

individuals. 

H4: There is positive and significant impact of privacy 

risk on well-being of individuals. 

H5: There is positive and significant impact of 

perceived control of information on well-being of 

individuals. 

*Note: At 5% level of significance* 

 

III. RESEARCH METHODOLOGY 

Population & Sample size: The Punjab region served 

as the site for the individuals surveyed in this study. 

The Google Forms survey, on a five-point Likert scale, 

collected 116 responses. The participants comprised 

social media users from diverse age groups and 

educational levels. 

Sampling Technique: Participants in the Punjab 

region were chosen by convenience sampling.  

 

 

 

Table- 1.1: Specification of variables 

Independent Variable 
Dependent 

Variable 

Attitude 

Well-being 
 

Intention to share information 

 Frequency of information 

sharing 

Privacy risk 

Perceived control of 

information 

 

Instrument: For measuring attitude (Fishbein, 1963), 

intention to share information (Venkatesh et al., 2012), 

frequency of information sharing (Chai et al., 2011; 

Davenport et al., 2000; Hsu et al., 2007), privacy risk 

(Pavlou et al., 2007; Yin and Cheng, 2011), perceived 

control of information (Krasnova et al., 2010; Hajli & 

Lin, 2014) and well-being (Topp et al., 2015) the Likert 

scale was used and included five points: 1 for strongly 

disagree, 2 for disagree, 3 for neutral, 4 for agree, and 

5 for strongly agree. There were two sections to the 

questionnaire. Part I includes questions related to 

demographic information, such as questions about 

gender, age and educational qualification. Part II 

encompasses questions pertaining to attitude, 

intention to share information, frequency of 

information sharing, privacy risk, perceived control of 

information and well-being. 
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Data Analysis Technique: SPSS (Statistical Package 

for Social Sciences) was used to examine the data. The 

coded data was entered into SPSS for result analysis 

after data collection. Cronbach's alpha was used to 

evaluate the reliability of the scale, and correlation and 

multiple regression analyses were then used to 

examine the associations between the variables. 

Ethical Considerations: All participants granted 

informed consent prior to engaging in the survey and 

the confidentiality of their data was preserved while 

anonymity was guaranteed in the presentation of the 

results. 

 

IV. DATA ANALYSIS & INTERPRETATION 

Demographics:  

Table 1.2: Respondents' demographic characteristics 

Gender No. of Respondents 
Percentage 

of 
Respondents 

Male 115 99.1 

Female 1 0.9 

Age (In 
years) 

No. of Respondents 
Percentage 

of 
Respondents 

Under 18 6 5.2 

18-24 106 91.4 

25-34 4 3.4 

Education 
Level 

No. of Respondents 
Percentage 

of 
Respondents 

12th 36 31 

Under 
graduation 

75 64.7 

Graduation 2 1.7 

Post-
graduation 

3 2.6 

 

Reliability Test:  

Cronbach's alpha is used in this study to determine the 

measuring scale's reliability.  

 

 

 

 

Table 1.3: Coefficient of Cronbach’s alpha 

Cronbach's Alpha Number of Items 

.940 20 

 

According to the above table, the scale is reliable 

because its Cronbach's alpha coefficient value is more 

than 0.6. 

Correlation Analysis: 

Table 1.4: Correlation Analysis Results between the 

variables 

 A I F PR PC W 

A 1 .596 .554 .552 .402 .452 

I .596 1 .595 .356 .463 .444 

F .554 .595 1 .468 .568 .532 

PR .552 .356 .468 1 .394 .380 

PC .402 .463 .568 .394 1 .556 

W .452 .444 .532 .380 .556 1 

Note:  Correlation is significant at the 0.05 level (2-

tailed) 

 

The results indicate that all independent variables 

have a significant positive correlation with well-being, 

suggesting that higher levels of attitude, intention to 

share, frequency of sharing, perceived control, and 

privacy risk awareness are associated with better well-

being. Among these, Perceived Control (PC) shows 

the strongest correlation with well-being, implying 

that users who feel more in control of their shared 

information experience higher levels of well-being. 

The Frequency of Information Sharing (F) and 

Attitude (A) also exhibit moderately strong 

correlations, indicating that individuals who 

frequently share information and have a positive 

outlook toward information sharing tend to 

experience better well-being. However, Privacy Risk 

(PR) has the weakest correlation with well-being, 

suggesting that while privacy concerns are present, 

they do not strongly influence the overall well-being 

of social media users. 

Regression Analysis: 
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Table 1.5: Model Summary 

R R Square 

Adjusted R 

Square 

Std. Error of 

the Estimate 

.637 .405 .378 .74025 

The R value (0.637) suggests a moderate to strong 

correlation between the predictors and well-being. 

The R² value (0.405) means that 40.5% of the variation 

in well-being is explained by these factors, while the 

remaining 59.5% is influenced by other factors not 

included in the model. The Adjusted R² (0.378) is 

slightly lower, indicating that some predictors may 

contribute less significantly when generalized to a 

larger population. The Standard Error of the Estimate 

(0.74025) shows the average deviation of predicted 

well-being from actual values. 

Table 1.6: ANOVA 
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Regression 41.085 5 8.217 14.995 .000b 

Residual 60.277 110 .548   

Total 101.361 115    

The results in this table confirm that the regression 

model significantly predicts well-being (F = 14.995, p 

= .000). The model explains a portion of the total 

variance, while some remain unexplained. The large 

F-value and small p-value indicate that the 

independent variables collectively have a meaningful 

impact on well-being. 

 

Table 1.7:  Summary of Regression Analysis Results 
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H1 A→W .135 1.287 .201 No 

H2 I→W .072 .707 .481 No 

H3 F→W  .199 1.884 .062 No 

H4 PR→W .055 .602 .549 No 

H5 PC→W .334 3.630 .000 Yes 

*Note: At 5% level of significance* 

The regression results show that only perceived 

control (PC) significantly impacts well-being, 

supporting H5, while attitude (A), intention (I), 

frequency of sharing (F), and privacy risk (PR) do not, 

leading to the rejection of H1, H2, H3, and H4. The B 

value indicates the strength and direction of the 

relationship, with PC (.334) having the strongest 

effect. The t-values measure the strength of influence, 

with PC (3.630) being the only significant predictor. 

The p-value confirms statistical significance, where 

only PC (p = .000) is below .05, making it the sole 

significant factor. This suggests that users who feel 

more control over their shared information experience 

better well-being, while other factors do not show a 

meaningful direct impact. 

 

V. FINDINGS 

The study reveals that perceived control over shared 

information is the strongest predictor of well-being, 

indicating that users who feel more control over their 

data experience higher well-being. While attitude, 

intention to share, frequency of sharing, and privacy 

risk show positive correlations with well-being, they 

do not significantly predict it in the regression 

analysis. The model explains 40.5% of the variance in 

well-being, suggesting that other factors beyond 

information sharing also influence well-being. These 

findings highlight the importance of privacy control 

measures in enhancing the well-being of social media 

users. 

 

VI. CONCLUSION 

This study highlights the role of information sharing 

in influencing social media users' well-being, with 

perceived control emerging as the most significant 

predictor. While attitude, intention to share, frequency 

of sharing, and privacy risk are positively associated 

with well-being, they do not directly impact it. The 

findings suggest that users who feel greater control 

over their shared information experience better 

psychological well-being. The study emphasizes the 

need for stronger privacy measures and user 

empowerment on social media platforms. 
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VII. LIMITATIONS & FUTURE RESEARCH 

This study is limited by its small sample size of 116 

respondents and the use of convenience sampling in 

the Punjab region, which may restrict the 

generalizability of the findings to a broader 

population. Additionally, the study focuses only on 

selected determinants of information sharing, while 

other psychological and behavioral factors may also 

influence well-being. Future research should consider 

a larger and more diverse samples, adopt random or 

stratified sampling techniques, and explore 

longitudinal data to understand the long-term impact 

of information sharing on well-being. Expanding the 

study across different cultural and demographic 

groups can also provide deeper insights into the 

relationship between social media behavior and well-

being. 
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